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SUSAN Image Edge Detection based on Texture Features
LIU Qing,HE Bing-wei, WU Zhong-xiao, Ql Kai,MA Xiao-shu, WEI Kai-bin
(School of Electronic Information & Electrical Engineering , Tianshui Normal University,
Tianshui , Gansu, 741001, China)

Abstract: To adapt to cherry images with different morphological characteristics and effectively capture the
edges of cherry images, in this paper, a modified SUSAN edge detection algorithm combining texture information is
proposed, leveraging the characteristic that texture information is more universal than grayscale information. Firstly,
after binarizing the image, the texture features are extracted. Next, the SUSAN operator is applied to traverse the
feature map to detect and extract the object edges. Finally, comparative analysis is conducted through simulation
experiments to evaluate the performance of the algorithm before and after improvement. The results show that the
improved edge detection method effectively captures the edges of the cherry images while preserving fine details,
demonstrating strong rtobustness. The proposed algorithm outperforms other methods in terms of detection
performance.

Keywords: Cherry images ; SUSAN algorithm ; Texture features ; Edge detection



